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Optimal Shortfall Hedging of Credit Risk

Abstract

In this paper we examine the problem of partially hedging a given credit
risk exposure. We derive hedges which satisfy certain optimality criteria: For
a given investment into the hedge they minimize the remaining risk, or vice
versa. This is motivated by the fact that it is a core business of financial
intermediaries to carry risks, and that therefore they do not want to hedge
their risks completely. In contrast to the usual mean-variance criterion, our
hedging strategies try to minimize either the shortfall probability (SP) or the
expected shortfall (ES). In complete markets this allows the investor to save
money by hedging only part of the claim, while taking a certain (minimal) risk
that the hedge does not cover the claim completely. In incomplete markets, a
perfect hedge is not always available, and this methodology introduces a new
way to find a hedging strategy which minimizes the shortfall risk. We apply
this to a credit risk model, where default occurs at the first jump time of a
Poisson process. The write-down after default is stochastic and independent
of the time of default. In this stylized model we compare hedging strategies
for defaultable bonds and credit default swaps which minimize either the SP
(Quantile Hedging) or the ES. We consider first a complete market where the
martingale measure is unique and derive explicit results. Hedging strategies
for both objectives are compared. In the incomplete markets setting, we
consider two situations: In the first, we assume that the default risk premium
is unknown from the beginning, and therefore we have to select the worst-
case martingale measure from the set of possible martingale measures. In the
second, the market is complete at the beginning, but at a future time point
the default risk parameter will change randomly, for example because of a
rating change, and this makes the market incomplete. Strategies for both

situations are developped.
JEL Classification: G11; G12; G13; G33
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1 Introduction

The last years have seen a tremendous increase in theoretical models for the valua-
tion of credit risky securities. These were applied with some success to the valuation
of defaultable bonds as well as options on credit risk, such as credit default swaps.
Compared to this progress the analysis of questions related to the measurement
of credit risk itself and hedging strategies for credit risky securities has fallen be-
hind. In this paper we want to focus on new ways to measure credit risk, such as
the Shortfall Probability (SP) related to Value-at-Risk and the Expected Shortfall
(ES).

Our paper is based on existing credit risk models, of which we will now give a
short account. The theory of the valuation of credit risky securities is divided into
two branches. While the classical approach uses the value of the firm to determine
the time of default, newer papers model the intensity of a jump-process, and the
time of its first jump is the time of default.

The basis for all classical models can be found in the papers of Black and Scholes
[1973] and Merton [1974]. They view a corporate bond as a derivative on the
underlying firm value, so that classical option pricing formulae can be used to value
those bonds. Merton-based models may be criticized on two points: First, due
to the structure of the model, the time of default is predictable. Second, with
few exceptions, these models describe complete markets. This implies that it is
theoretically possible to hedge all risks by using a dynamic trading strategy. In
reality this is not the case. Even newer models of this class, such as Shimko et al.
[1993], Longstaff and Schwartz [1994] and Duffie and Lando [1998] do not recognize
this problem.

In contrast to classical models, the time of default in intensity models is not
determined via the value of the firm, but it is the first jump of a point process
(for example, a Poisson process). Important examples of this way of modelling
default risk are the works of Jarrow and Turnbull [1995] and Duffie and Singleton
[1997]. In these models, the time of default is totally inaccessible and markets
are typically incomplete. The incompleteness leads to the non-uniqueness of the
martingale (pricing-) measure, and therefore prices of securities and options are no
longer uniquely defined. However, this problem is not discussed in these models, but
the existence of a certain measure is assumed which is used to value all cash-flows.

Finally, none of the above-mentioned credit risk models considers the problem
of partially hedging the risk from default, while bearing the other part. However,
risk bearing is an important business for the banking sector. In our paper, we apply
two concepts of measuring risk to a simple intensity model of credit risk, where the
write-down after default is stochastic and independent of the time of default. We
will determine the optimal hedging strategies for both concepts and compare the
results.



The classical way of measuring risk is through the mean and variance of a given
portfolio or contingent claim. In recent years, a new approach was developed as
an alternative to the measurement of risk via mean and variance: The so-called
Value-at-Risk of a contingent claim is the worst possible loss which can occur with
a given probability (for example 99%). This measure is widely used in official
capital adequacy requirements for banks, but also for internal risk-management
purposes. Tha VaR is a static concept which does not take into account that it is
possible to use a dynamically rebalanced trading strategy to hedge against the risk.
Follmer and Leukert [1997] generalize the concept of VaR to a dynamic setting and
characterize in a continuous time setup the associated hedging strategy: For a given
initial investment, the payoff from this strategy will have the maximum probability
of being equal to or greater than a predetermined payoff obligation. With other
words, this strategy minimizes the Shortfall Probability (SP) of the hedge.

The latest development in this area are risk measures which are defined via
certain desirable axioms, the so-called coherent risk measures (cf. Artzner et al.
[1998]). One of these axioms says, for example, that the total risk of two contingent
claims should not be greater than the sum of their individual risks, which is intuitive
when one considers the case that the one contingent claim is used to hedge the risk
of the other. However, the VaR does not possess this property, so that the VaR is
not a coherent risk measure.

Alternative coherent risk measures are proposed by Artzner et al. [1998]. Al-
though the Expected Shortfall (ES) is not a coherent risk measure, it possesses
similar properties to those required for this class and is superior to the SP. Féllmer
and Leukert [1998] show how to calculate a hedging strategy which minimizes the
ES for a given initial investment.

In a complete market, these hedging strategies have the following interpretation:
They allow the calculation of how much risk (in the sense of SP or ES) one has to
take if one does not want to invest the full price of the contingent claim into the
hedging strategy. Alternatively, the investor can fix the risk he wants to bear (in
terms of SP or ES) and find the cheapest hedging strategy which leaves him with
only so much risk.

Follmer and Leukert [1997,1998] apply their methodology to the problem of
hedging a call option on an underlying stock. The results obtained there can be
applied directly to a credit risk model of the Merton [1974] type: here the firm is
financed by debt and equity, the equity corresponds to a call option on the underlying
firm value and the value of debt is obtained as the difference between firm value and
value of equity. Without going into a full discussion of advantages and disadvantages
of firm value versus intensity models, it seems to us that the latter class is more
accepted in literature and industry, because in these models the time of default is
unpredictable and they can be fitted quite easily to an observed term structure of
credit risky bonds.



The same methods can be applied in an incomplete markets setup, where the
martingale measure is not unique and a perfect hedge does not exist for every
contingent claim.

The question of risk-minimization in an incomplete market was first discussed
by Foéllmer and Sondermann [1986]. They introduced the notions of local and global
variance minimization. Further progress in this direction was made, for example,
by Follmer and Schweizer [1990] and Schweizer [1990,1991,1993] and, recently, by
Gourieroux, Laurent and Pham [1998]. These concepts try to find a trading strategy
which has the same expected payoff as the contingent claim and which minimizes
the variance of the difference (the so-called hedge error). The concept of local risk-
minimization was applied to credit risky securities by Lotz [1997]. In this setup, the
strategies minimizing the SP or ES offer an alternative which makes use of more
recently developped risk measures.

In the present paper we will apply the mathematical results from Follmer and
Leukert [1997,1998] to a credit risk setting of the intensity class. We start in a
complete market to explain the methodology, calculate some introductory examples
and compare this with other hedging strategies. Our standard example will be the
optimal hedge of the (random) loss from a defaultable bond. This is important
for the investor who has invested in this bond or for a bank which has sold credit
protection to its customers (for example in the form of a credit default swap). Then
we go on to the incomplete market case. Here we consider two situations: In the first
case, the default risk premium is unknown from the beginning, and the criterion of
minimizing shortfall probability or expected shortfall leads to the so-called worst-
case martingale measure under which the hedging strategy is calculated. In the
second case the risk-premium is known, but at some intermediate time the default
risk will change randomly, for example because of a rating change. We will derive
optimal hedging strategies and show the relationship between initial investment and
shortfall probability or expected shortfall.

The next section explains our basic mathematical setup and summarizes some
key results from Follmer and Leukert [1997, 1998]. In section 3, we apply these
results to the hedging of credit risky securities in a complete market and give general
results as well as some explicit examples. In section 4 we consider the problem of
shortfall hedging in an incomplete market. Section 5 concludes.

2 Mathematical Setup

This section outlines the general principles of our model. First, the basic process
generating the risks in our market is described. Then, the approach of Féllmer and
Leukert [1997,1998] is explained.



2.1 The Market

Instead of constructing a credit risk model of utmost generality, we want to focus
on the issue of partial hedging. For this reason, we intentionally restrict ourselves
to a rather simple credit risk model and also set interest rates to zero. It is straight-
forward to combine the model with an interest rate term structure of ones choice
by simply going over to the appropriate forward measure.

We consider a continuous trading economy with trading interval [0, 7] for a fixed
T > 0. The uncertainty in our model is specified by a probability space (2, F, P).
We assume that this probability space is big enough to hold a marked one-jump
Poisson process defined as follows:

2.1.1 Definition A marked one-jump Poisson process on a mark space E is a pair
(N(t), Z), where

e N(t) is a Poisson process with intensity A\, and

e / is a E-valued random variable which is drawn at the first jump time 7 of

the Poisson process.

For further information on marked Poisson or point processes, see Brémaud
[1981] or Last and Brand [1997]. In our case, we will take E C R*. The random
variable Z has a density f on E under P, which may depend on the time of the
jump, f = f(7,-). Generated by the marked Poisson process is a complete, right-
continuous filtration F = (F;);>0. The probability measure P is called the objective
or historical probability.

The interpretation of this setup is the following: The first jump of the point
process determines the time of default 7. The mark variable Z will influence the
payoff of the credit-risky security after default. For illustration purposes, we want
to present some special cases which can be treated with the above specification of
the marked Poisson process driving default:

1) The mark space consists of n discrete points, E = {z1,...,2,}. Each point
corresponds to a payout pattern of bonds of different seniority classes. For
example, we could have n = 2, a high payout Ay and a low payout Ay as well
as a senior bond Bg and a junior bond By, and the following payout pattern:

State ‘ Bg ‘ B; ‘ Probability
21 Ag | Ap / (Zl)
29 AL | Ag f(22)

In that model, the senior bond may recover the higher or lower payout after
default, while the junior bond will always recover only the low payout.




2) Another possibility is to take E = [0,1] and use the Beta distribution with
parameters ¢ and d as the distribution of payout ratios. The parameters c
and d could also depend on the default time 7, thus introducing a correlation
between default time and payout ratio.

The assumption captures most important features of a typical credit risk model,
such as unpredictable default times and random payoft after default. We will in-
troduce more specific assumptions later on which allow us to compute most results
explicitly. The next step of generalization would be to use a jump process with
time-inhomogeneous, deterministic intensity. All results from this paper can be eas-
ily rewritten for this additional complexity, but results can then only be obtained
by numerical methods.

To each set A C E corresponds a jump process N (¢, A) via
N(t,A) = N(t)1{zeca
The processes N(t, A) and N(t), defined by

t
N(t, A) i= N(t, A) — A / / f(s,2)dzds;  N(£) = N(t) — Xt
0 Ja
are martingales (for a proof see Brémaud [1981]).

2.1.2 Assumption The set of possible equivalent martingale measures is given by

p :{p* 6= e { [" [ hto.2) = 1105, 2) =N () s e R\ (o)

h(s,:) > 0,E — measurab]e,/f(s,z)h(s,z) dz=1 Vse [O,T]}
E

Therefore, under the equivalent martingale measure P* the Poisson process has the
intensity \* = Ay, and the mark variable Z has the distribution f* = fh.

The transition density h corresponds to the risk premium for the payout ratio
after default and may depend on the time of default. For the two specifications of
the mark space E given above, h looks as follows:

1) When the mark space E consists of 2 discrete points as above, h can be de-
scribed by a pair of real numbers (h(z1), h(z2)) modifying the probabilities
of both events, so that under the equivalent measure the probabilities are
(f(z1)h(z1), f(z2)h(22)). For a risk averse investor, we would assume h(z;) < 1
and h(z9) > 1, so that claims are valued as if the high payoff is less likely than
under the historical or objective measure.
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2) On the other hand, we could assume that E = [0,1] and f and f* are Beta
distributions with parameters ¢, d and c¢*, d* respectively. Then for a risk averse
investor, the transition density h would be such that d* > d and/or ¢* < ¢,
because both lowers the expected value of the payout.

The parameter p in the change of measure corresponds to the change of default
intensity or probability of a default. Because the new default intensity under the
martingale measure is given by A* = Ay, we will have 1 > 1 for a risk-averse investor.
We assume p to be constant over time. This imposes implicit structure on the risk
premia for default in the economy, which must then also be constant over time. This
assumption can easily be relaxed in favor of time-dependent risk premia, but this
would only make notation more complicated without adding significant new results.

2.1.3 Lemma The density for the change of measure can be written as
g = /’I’h‘(T) ')e_A(u_l)Tl{TST} + e_A(u_l)T1{7->T}

Proof Follows directly from the definition of G.

2.2 Shortfall Hedging with the Neyman-Pearson Lemma

The mathematical techniques used in sections 3 and 4 come from Follmer and Leuk-
ert [1997,1998]. Both papers deal with the problems of shortfall hedging and use
the Neyman-Pearson Lemma to determine the optimal hedging strategies. While
Follmer and Leukert [1997] focus on the Shortfall Probability (SP) and show how to
minimize this probability (so-called quantile hedging), the later paper Follmer and
Leukert [1998] is concerned with more general risk measures, from which we will use
the Expected Shortfall (ES). We start with an explanation of these risk measures.
After that, we review the methods of Follmer and Leukert [1997,1998| which allow
us to find the optimal solution to the hedging problems.

The technique of quantile hedging was introduced in Follmer and Leukert [1997].
It is closely related to the concept of Value-at-Risk (VaR). We assume here that the
market is complete so that a perfect hedge is available for every contingent claim at
its arbitrage-free, uniquely defined price and that the martingale measure is denoted
by P*. Consider a contingent claim G with initial price G§, which should be viewed
as a payment obligation due at time 7. Recall the definition of Value-at-Risk as
given in Artzner et al. [1998]:

VaR(G) = inf{c: P[G > ¢|] < €}

where z is a constant real number. In other words, the VaR is that boundary so
that the final payout obligation G is greater than that number only with probability

7



€. The concept of Quantile Hedging can be seen as a generalization of the VaR to
a stochastic boundary. Here we consider the problem: Find a contingent claim H,
the hedge against G, with initial price H so that the SP is smaller than or equal
to €,

min Hj so that P[G > H| < e (1)

The Value-at-Risk for a certain probability € is widely used in the banking in-
dustry for a variety of purposes. However, it has several shortcomings. For example,
the investor above is only concerned with the probability of a loss, but not with the
size of the loss. Furthermore, as shown by Albanese [1997], it is possible that the
VaR increases after diversification of risks, which is counterintuitive. Consider an
investment, opportunity which yields 1 in 99% of all cases, but with 1% probability
the investor loses 10. Because G above is a payment obligation, we have G = —1
or G = 10. Consequently, the 1% VaR of G is -1, which means that there is no risk
at the 1% level. Now, instead ten independent projects are undertaken, which yield
a gain of 0.1 or or a loss of -1 each, with the same probabilities as above. Again,
this translates into values for G;, 7 = 1,...,10 of G; = —0.1 or G; = 1. In this
situation, the 1% VaR is 0.1. Thus, in spite of the diversification of risk, the VaR
has increased.

Driven by this analysis, we also look at hedging strategies which minimize the
ES. Here we follow Follmer and Leukert [1998]. The ES of the obligation G over a
constant amount c is defined as

E[(G —¢)"]

It is easy to see that this risk measure can be reduced through diversification of
risks and is therefore superior to the SP (or VaR): For this purpose, consider one
large investment G on the one hand, and n small investments of size 1/n, Gy, ... , Gy,
on the other hand. The G;,i =1,... ,n are distributed as G/n. Now, we have

n + n
c\ T
" +
> 5 |(6-9)
i=1 n
+
. (Q _ 5) ]
n o n
=E[(G-¢)]
So, the ES of investing into the diversified projects Gi,... ,G, is smaller than or

equal to the risk of investing into the big project G.
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The generalization of this risk measure to a stochastic boundary is straightfor-
ward, and here we consider the problem: Find a contingent claim H with initial
price Hj, so that the ES is smaller than or equal to 7, formally

min H; so that E[(G — H)T] < (2)

In both cases (SP and ES), it is also useful to consider the equivalent dual
problem: Given an initial amount of money V for the hedge, find a contingent
claim H with initial price Hf <V < G§ so that the SP or the ES is minimized,
formally

min P[G > H] so that Hj <V} (3)
or min E[(G — H)"| so that H; <V} (4)

We will mostly consider the problems in this form, because then it is much easier
to compare the results.

The problems described above are solved in two steps: First, the optimal con-
tingent claim (hedge) H has to be found. Second, a trading strategy has to be
constructed which generates the hedge.

The optimal hedges H are described in Follmer and Leukert [1997,1998]. In
general, H is given by a modification of the payment obligation G, H = @G, where
© is a random variable from the set

R={¢:Q—10,1],¢o Fr — measurable}

¢ is called the success ratio and its shape depends on the problem at hand. The
optimal success ratio is known explicitly in a complete market, where the set of
equivalent martingale measures consists of only one element, P = P*. In the case
where we want to minimize the SP with a given investment 1}, the optimal success
ratio @ is given by

A

P9 =140+ Y4 —ac)
with
Vo — E*[Gl{d%mc}]

dP
49 = {dp* S aG}; a=inf{a: E[Gl g saq)) Vo) 7=

EXGliar ;0]
A@ is called the success set of the hedge.

On the other hand, if we want to minimize the ES with a given investment V},
the optimal success ratio @7 is given by

~ES __
2 _]‘AES+71{%:&}



with

Vo — E*[Gl{dd%xl}]

dP
AESZ{ >EL}; &:inf{a:E*[Gl{%M}]S%}; Y=

In section 3, we will use these results to compute the optimal hedge for credit
risky securities in a complete market. In an incomplete market, the situation is
different and more complicated. The problems (3) and (4) translate into

min P[G' > H] so that E*[H| <V, VP*e€P (5)
or min E[(G — H)*] so that E*[H] <V, VP*€P (6)

Here, under certain conditions, the following form of ¢ is necessary for optimality
(see Follmer and Leukert [1997]). There exist measures P? € P and P”® € P such
that the optimal success ratios fulfill

. ER[H@® =V,
0 if dP < aRHdP? (HEE]=Vo

s {1 if dP > aPSdpPPsS . o

o {1 if dP > a9 HdP?
90 =

= L o1 EC[H@PS =V,
? 0 ifdP < GFSqpEs He™ ] =V

In section 4, we use this to find the optimal success set for a credit risk security
in an incomplete markets setup.

After the construction of the optimal claim H used to hedge against the payment
obligation GG, one can proceed to generate the contingent claim H by a dynamic
trading strategy. In a complete market this is straightforward, because here by
definition for every contingent claim there exists a duplicating dynamic trading
strategy. In an incomplete market, the results of Kramkov [1996] and Follmer and
Kabanov [1998] can be used. Define

H(t) = Hy ess.sup ppE[H|F]
This process admits an optional decomposition
t
H() = HO)+ [ ¢(6)aX(s) - (),
0
where C' is an increasing optional process and £ is an admissible strategy. C' can

be interpreted as amount which can be withdrawn from the trading strategy while
more and more information becomes available.
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In credit risk markets, such a dynamic hedging strategy is unlikely to be suc-
cessful because of the illiquidity of the market. On the other hand, most credit risk
derivatives are traded in an over-the-counter fashion, so that the exact parameters
needed by the counterparties can be entered into the contracts. For these two rea-
sons, we do not consider step 2 (replication of the optimal hedge) in this paper, but
are satisfied with the construction of the optimal hedge (step 1).

3 Complete Markets

In this section we will apply the results from Foéllmer and Leukert [1997,1998] to
a credit risk setting with a complete market. Therefore, regarding the risk-neutral
probability measure P*, we make the following

3.0.1 Assumption There exists a unique martingale measure P* equivalent to P,

and its density is given by

el [ .9 0106, a2}

For the two specifications of our mark space, we discuss the requirements on
traded assets which make the market complete:

1) For the case when the mark space E consists of two points, three assets have
to be traded in order to guarantee completeness of the market: These are a
non-defaultable bond, a senior bond and a junior bond.

2) On the other hand, if the mark space is a continuum, for example E = [0, 1],
then infinitely many securities are needed for the market to be complete. This
is analogous to the situation in Bjork et al. [1997]. Although this is a strong
assumption on the market, it is nevertheless often used in the credit risk
literature, see for example Schénbucher [1996,1997].

In this probabilistic setting, we consider a contingent claim G, which we view as a

payment obligation due at date 7, of the following form:
3.0.2 Assumption
G = Clyrsty + Dlfr<ny

where

11



e C > (0 is a constant and

e D > 0 is a random variable with distribution f* = fh under P* on the mark

space E.

3.0.3 Remark The specification is quite general and allows G to be interpreted as
one of several securities associated to credit risk:

e For C' =1 and D = A this is a credit risky bond of face value 1, where A is
the payoff ratio of the bond in the case of default. For example, a corporation
which wants to sell its bonds to an insurance company could be required to
package the bonds with some kind of default insurance by a third party so
that the overall shortfall risk meets regulatory requirements for the insurance
company.

e for C = 0 and D = (1 — A), this is a credit default swap which protects
against the default of the credit risky bond above. Here, we could imagine
a bank which has sold credit protection against default to its customers and
now wants to reinsure itself.

3.1 The Optimal Shortfall Hedge for a given Initial Invest-

ment

Follmer and Leukert [1997,1998] deal with the hedging of a call option in a Black-
Scholes world with Brownian motions. In contrast, in our setting we have much less
price dynamics: The only time there is a random price change is at the time of de-
fault. Therefore, a dynamic hedging strategy loses much of its appeal in our setting.
Instead, we focus on the optimal contingent claim H for the hedging problem, which
will be a contract specifying a certain payout depending on the time of default 7
and payout ratio A. Another argument for this treatment is that credit derivatives
are traded in an over the counter market and standardized contracts have not yet
emerged, so that there is the possibility to specify the contracts according to the
needs of the counterparties. Therefore, we consider the following

3.1.1 Problem Given an initial amount of capital V;, find a contingent claim with
payout H? at time T and price Hé’? < V4 so that the probability of a successful
hedge, P[H? > G] is maximal. Following Féllmer and Leukert, we call this the
problem of quantile hedging.

Alternatively, we can search for a contingent H¥% so that the expected shortfall
E[(G — HF5)*] is minimal.

12



It turns out that the optimal contingent claims H are given by a modification
of the payment obligation @G, where ¢ is the so-called success ratio which can be
determined explicitly. The following theorem provides the optimal success ratio for

both problems:

3.1.2 Theorem For C # 0, there are two critical values of initial investment V7, V5
for the Quantile and Expected Shortfall case with

‘/'1Q = /D]'{Daguh,e_"(“_lp‘<1} dP* VIES — /Dl{af(sluhef(ﬂl)k<1} dP*

Vyl =V + CP*[r > T| VS =V 4 CPr > T
where the constants a5 and a5 are given by

1
CL?( — _eT(pfl))\

C

af(s — oT(u—DA

Depending on the initial investment Vj, we have the following three cases:

1) Vi < Vi: Here the optimal success ratio reduces to a success set given by

A% = {Dafphe ™ D* <1} N {r < T} for the Quantile case and
APS = [aPS yhe ™= < 1} N {7 < T} for the Expected Shortfall case.

In both cases, a; is the solution to
Vo= /DlA1 dpP*
and we have a; > ax.
2) Vi € [Va; Va]: Define
AS = {a§ Dpuhe ™D <1} N {r < T}

ALS = {aFS phe ™= DX <1} N {7 < T}

In both cases, the optimal success ratio is given by

Vo Vi
— gy + oy,
N

and as = ag.
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3) Vo > Vi: Again, the optimal success ratio reduces to a success set given by

AY = {r > T}U ({aDphe ™ < 13N {r < T})
ABS — {7 > TYU ({aZ5phe DX <130 {r < T})

and in both cases as is the solution to
Vo = /HlA3 dP*

For C = 0, the critical values of investment do not exist and the solution reduces to

case 3) above.

Proof: See appendix.

3.1.3 Remark The randomization which occurs in the theorem above if the cap-
ital invested into the hedge lies in the interval [V3, V3] is difficult to interpret in
economic terms: It corresponds to making the payout of the hedge dependent on a
probabilistic event which is completely independent from the payout obligation G,
such as a throwing of dice. It is extremely unlikely that a contract which involves
such a randomization will be traded in reality, so typically investors will use a hedge
H with a price below Vi or above V5.

3.2 The Optimal Hedge for a given Shortfall Probability or
Expected Shortfall

Conversely, it is also possible to start with a given shortfall probability € and find
the minimal required initial amount of capital. In other words, we have the

3.2.1 Problem Given a probability of a successful hedge 1 — ¢, find a contingent
claim with payout H? at time T and with minimal price H(? at time zero so that

the probability of a successful hedge,

PH?>G]=1-¢

In the following, we define by G§ the unique price of the payment obligation
G at time 0. The theorem which provides a solution to this problem is similar to
theorem 3.1.2:

14



3.2.2 Theorem For C # 0, there are two critical values €1, €y for the shortfall

probability e,
Duh
e =P QM e~ m=DA 5 1 : €e =€+ Pt > T]
biGo
with
b% - Ee—k(u—l)T 11
G} Gt al

We have the following three cases:

1) € < €;: Here the optimal success ratio reduces to a success set given by

B% = [r>T}U ({%67(“1))‘ <1} n{r<T}
1 0

where b? is the solution to

1 —e= P[BY]

2) € € [e1; €2]: The optimal success ratio is given by

BY = {%6_)‘(“_1)7 < 1} N{r<T}
by Gig

R —1o4 _27€¢ 4

L A N TR

We have b3 = bS.

3) € > €3: Again, the optimal success ratio reduces to a success set given by

Duh
BY = e AT 1 N {r < T
?= g J{r<Th
and bY is the solution to
1 —e= P[BY]

For C = 0, the critical values for the shortfall probability do not exist, and the

solution reduces to case 1) above.
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Proof: See appendix.

Instead of a shortfall probability € we can also use a given expected shortfall n
and find the minimal required initial amount of capital. In other words, we consider
the

3.2.3 Problem Given an expected shortfall of a successful hedge n, find a contin-
gent claim with payout H”S at time T and minimal initial price HF® at time 0 so
that

E[(G - H")]=n

Again, following Follmer and Leukert, the solution in our case is given by a
success ratio ¥ with

ES _
V= s T
and again there exists a critical value for b*%, namely
bES _ Qef)\(ufl)T — L%S
Gg 0 0K

The theorem which provides a solution to this problem is similar to theorem
3.1.2:

3.2.4 Theorem For C' # 0, there are two critical values 1,1, for the expected
shortfall n,

771 = /Dl{bElsuhe_A(u_l).,-<1} dP*, 772 = 771 +CP*[T > T]
K

where

bf(S — Ee—k(u—l)T — 11
G Gy al®

We have the following three cases:

1) n < my: Here the optimal success ratio reduces to a success set given by

BFS ={r>T}u ({Iﬁg—ge—)‘(“_l)T < 1} N{r < T})
1

where b is the solution to

n = B[H(1 — 14p5)
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2) n € [m;n2]: The optimal success ratio is given by

ByS = {b‘fE—};eTWW < 1} N{r <T}
2

"ES e —1

=1 _ 2= g
v 5 oPr > 1)
We have b5 = b%5.

3) n > ny: Again, the optimal success ratio reduces to a success set given by

PR -1y
By® = ({ymse Me=bT <1} n {7 < T})
3

and b%YS

is the solution to

n=E[H(1 — Lgps)]

For C = 0, the critical values for the expected shortfall do not exist, and the solution

reduces to case 1) above.

Proof: See appendix.

3.3 Example

In order to provide some explicit results, in this section we consider a specific ex-
ample and make the following additional assumptions:

3.3.1 Assumption e 4 > 1: This means that under the risk-neutral measure
P*, the jump intensity is higher (u)\ > )\) than under the objective probability,

and therefore corresponds to a risk-averse investor.

e f = f"=1p,;h=1: In the case of a jump, the payoff of the contingent claim
is uniformly distributed between zero and one, under the objective as well as
under the risk-neutral measure. This assumption implies that there is a zero
risk premium attached to the payout ratio. It simplifies the calculations, while

the results can be easily adjusted for the case of a non-zero risk premium.

e (' = 1: In the event of no jump, the contingent claim G pays out 1 at maturity.
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With these parameter settings, the contingent claim can be interpreted as a
defaultable bond. Default occurs when the Poisson process jumps, in which case
the bond pays out something between zero and one. If no default occurs, the bond
is worth one at maturity 7'. Its price at time zero is

1 _
E*[Clysry + Dlpremy] = 5(1 + e

The result will be a hedge for a defaultable bond. This is potentially useful
for the enhancement of the risk structure of the defaultable bond which might be
required by the investors due to regulatory rules (see remark 3.0.3). Moreover,
preliminary analysis shows that the following theorems will be important for the
incomplete case, and they also provide some interesting insight into the structure of
shortfall hedging. Finally, once the results for the credit risky bond are established,
minor modifications yield the results for the credit default swap.

Let us consider first the strategy which minimizes the shortfall probability.

3.3.2 Theorem The critical values are given by
o~ 2M BT _ =3\l

AT _oar,
) (&
21(2 — p)

4 bl

ag =T £ 2: VP = p=2:V7=

‘72Q — ‘71Q + e*)\NT
As above for VIQ, in the following formula there will occur apparent poles which can
be closed by using I’Hospital’s rule. Depending on the initial investment Vj, the

following list contains the success set as well as probability and expected size of the
shortfall:

1) Vo< V2

) ) 1 2Vou(2 — 1) -1y
Success Set: {7’ €]0,T],A € [0,1]: A < ;\/(1 — e*/\(%u)T)e (u—1)

2Vp(1 — Nu=27)
n(2 — )

Vo(2 — p) (1 — 230

(3 = 2p)(1 — Xw=2T)

Prob. of Shortfall: 1 — \/

1
Expected Shortfall: 5(1 +e ) —
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2) Vo € [V, 15°)]:

1
Success Set: {A < —e(TT)(“l)f\} and randomized
1
with probability (Vo — V;)eM™ on {r > T}

M1—p)T _ —AT

Prob. of Shortfall: 1 — (V- V@)nr
1(2 = p)
1 62/\(17u)T —e AT _
Expected Shortfall: — (1 +e T — — (Vi — V) Mu—DT
xpecte ortfa 2( +e 23— ) > (Vo —Vi¥)e

3) Vo > VZQ: No closed formulae for the shortfall probability or for the expected

shortfall exist. In this segment, both have to be determined numerically.

Proof: See appendix.

Note that the success set depends not only on the time of default 7, but also on the
size of the payout ratio in the case of default, A. It can be seen that the later the
default happens, the bigger is the payout ratio A which is hedged by the claim, up
to the total amount of 1. The optimal hedge contract is of the knock-out type: If
the write-down is below a certain boundary, it is covered by the contract, but if it is
above the boundary, the hedge pays out nothing. The knock-out form of the hedge
is typical for shortfall hedging, compare Follmer and Leukert [1997,1998].

Figure 2 shows several boundaries depending on the initial investment into the
hedging strategy (in percent of the bond’s price). Here, parameters are y = 2, A =
0.1,7 = 10. The area below the boundary is the area secured by the hedging
strategy. The double dependence of the success set on the time of default as well
as the size of default is the main difference between the strategy minimizing the
shortfall probability and the strategy minimizing the expected shortfall. We see
that at later possible default dates, higher loss rates are insured by the optimal
hedging strategy. There is an intuitive reason for this shape of the success set:
Figure 1 shows that the density of default times under the martingale measure is
falling faster than the density under the historical measure. This implies that it
costs less to insure against the possibility of default at later dates, and therefore
a higher amount of the investment into the hedge can be used to insure against a
higher loss rate in the case of default.

Let us consider now the strategy which minimizes the expected shortfall.

3.3.3 Theorem The critical values are given by

B — r 7 r 7 —
aKS — Ao 1)T; VlEs =0 V2E5 — T
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Depending on the initial investment, the success set, probability and expected size

of the shortfall are given by

‘/E) c [‘ZES,%ES] % > %ES

log(2Vy — e T
Success Set Randomized on T > T T>71>— 08( 0)\ e ™)
with probability VyeMT M

Shortfall Prob. 1 — Voe M-wT (2Vy — e ML) "Hn _ o=AT

Expected Shortfall

1
(14 e7T) = Voe 7T (21 — e W) 70— e7T)

Proof: See appendix.

3.3.4 Remark e First of all, note the difference in success sets between the
strategy minimizing the SP and the strategy minimizing the ES: In the latter,
the success set does not depend on the size of the default, but only on the
time of default. For a low investment into the hedging strategy, the risk of the
contingent claim is hedged first at the long end, and with rising investment the
success set covers dates nearer to the present. This is due to the same reasons
which influence the shape of the success set in the case of the strategy which
minimizes the shortfall probability: The density of default times is falling
faster under the martingale measure than under the historical measure, and
therefore it is cheaper to hedge late default times first.

e Note that the initial investment enters in two different ways depending whether
it is in the interval [0, V,F5] or greater than V;Z%: In the first case it enters
linearly, in the second case as the reciprocal of some root. It can be shown
that the derivative with respect to Vj is greater in absolute value in the first
case than in the second case. This means that a marginal increase in V for
Vo € [0, VoES] reduces shortfall probability and the expected size of the shortfall
more than for V, > V,F5.

The figures 3 and 4 compare the strategies minimizing the probability of a short-
fall and the expected shortfall with respect to the resulting shortfall probability and
expected shortfall for a given initial investment in percent of the bond’s price. Pa-
rameters are u = 2, A = 0.1,7 = 10. We can see that, for example, investing 50%
of the bond’s price into the strategy minimizing the SP results in a 10% smaller
SP, but 2.5% higher ES than when the same amount is invested into the strategy
minimizing the ES. Of course, the strategy minimizing the SP has a lower SP than
the strategy minimizing the ES, and vice versa.

20



With the results for the credit risky bond, it is relatively easy to treat also the
case of a credit default swap. For this purpose, we modify assumption 3.3.1 in the

following way:

3.3.5 Assumption Let u, f, f* and h as before, and C = 0, i.e. if there is no
default, the claim G pays nothing.

The price of this instrument is
* 1 —uT
E*[Dli<ry] = 5(1 —e )

The following theorem provides some results on the optimal shortfall hedging strate-
gies of the credit default swap.

3.3.6 Theorem As in the last case of theorem 3.3.2, the strategy which minimizes
the SP has to be determined numerically. For the strategy which minimizes the ES,

we have the following explicit results:

1
Success Set: T > By log(2V; + e 1)
Prob. of Shortfall: 1 — (2V, + e 1)1/
1
Expected Shortfall: 3 (1 — 2V + e*AuT)l/u)

Proof: See appendix.

The success sets in this situation look very similar to the case of a defaultable
bond, and this is also apparent in the figures 5 and 7. Consequently, an investor who
wants to save money on the hedging of the loss from holding a defaultable bond and
who is interested in minimizing the ES should take out an insurance against default
at the later dates and bear the risk of default at the earlier dates. On the other
hand,if the investor is interested in minimizing his SP, then his optimal hedge should
cover him against larger and larger losses from default, the later default happens.

3.4 Discussion

In the following, we want to show the advantages of our hedging strategies over
competing contracts. The discussion is based on the last specification of the contract
in the preceding section. Thus, we consider a claim which pays a random amount
D uniformly distributed on [0, 1] if default 7 occurs before maturity 77 = 1 year,
where 7 is exponentially distributed with intensity A = 0.1, and the risk premium
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for the jump is 4 = 2. To explain our standard example, think about an investor
who owns a credit risky bond which pays 1 if default 7 occurs after maturity 7" of
the bond (7 > T') and which pays a random amount A € [0, 1] if default occurs
before maturity (7 < 7). This investor faces a random loss of D = (1 — A) in the
case of default. We can interpret this as a payment obligation of random size, which
also fits the situation where a bank has sold credit protection for this bond to a
customer and might have to pay this amount in the case of default. Note that the
price of this payment obligation is 0.091, while its 5% VaR is 0.475. In other words,
the bank would have to hold this amount in order to be sure that in only 5% of
all possible cases, they have to pay more than that to their customer. Apart from
diversification, which is a possibility we do not consider in this paper, the investor
or the bank could try to reduce the risk of the random loss by entering into a (re-
)insurance contract. Three possible types of contracts come to mind, which we will
explain below and compare the results with the optimal hedging strategies derived
before:

1) PER: Imagine first a contract which pays a certain percentage of the loss in
the case of default, V(T) = cD1,<r}. Because this contract pays always less
than the actual loss, the shortfall probability (SP) is 100% for all ¢ < 1.

2) CON: Another possibility would be a contract which pays a fixed amount in
the case of default, V(T) = cli;<ry. For a SP of 5%, we calculate ¢ = 0.475
and the price of this contract is 0.086.

3) MIN: Finally, consider a contract which pays, in the event of default, the
minimum of a constant ¢ and the actual loss D, V(T') = (¢ A D)1{;<ry. For
a SP of 5%, this contract costs 0.066 and is therefore cheaper than contract
number 2).

Although the last contract seems to be quite good, it is far outperformed by the
optimal strategies calculated by the application of the Neyman-Pearson lemma. The
strategy which minimizes the SP for this contract only costs 0.021 (about one third
of the best strategy in our list above) in order to guarantee a 5% SP.

We can also compare all strategies with respect to their expected shortfall (ES).
Here the differences are less pronounced, but it is still possible to save some percent
in hedging costs by using a strategy which minimizes the ES versus, for example,
the last contract in the list above. For example, to guarantee an ES of 0.01, the
contract number 3) above costs 0.072, while the strategy minimizing the ES costs
0.071, a saving of about 1.4%. The results (initial investment for required SP or
ES) are summarized in the table below.
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Strategy 5% Shortfall Probability | 0.01 Expected Shortfall
VaR 0.475 0.542
PER 0.091 0.072
CON 0.087 0.099
MIN 0.066 0.072
MinShortProb 0.021 0.072
MinExpShort 0.042 0.071

4 Incomplete Markets

In this section, we analyze hedging strategies for a credit default swap (C' = 0) in
incomplete markets. Thus, we consider a payment obligation of the form

G = Dlgr<ny

with D uniformly distributed on [0,1]. We look at the strategies which minimize,
for a given initial investment, the Sp or the ES, respectively. We do this in two
different incomplete market setups:

e First, we assume that the default risk premium is unknown from the beginning.
This approach leads to an optimization over all possible martingale measures,
which results in the so-called ”worst-case“ martingale measure.

e In our second setup, we assume that at a predetermined time ¢, between 0
and T a rating change will occur, so that after time ¢y the default intensity A
is distributed with the density ¢ on R*. This setup is similar to the one used
in the papers by Follmer and Leukert [1997,1998], and the optimal hedging
strategies can be found in an analogous way.

In both cases, we can use results from the complete markets case, especially theorem
3.1.2. We will compare the results from both strategies.

4.1 Unknown Default Risk Premium

The markets where credit risk is traded, such as the corporate bond market, are
often very illiquid, and a large part of credit derivatives are traded over the counter,
so that it may often be difficult to obtain accurate information on current prices for
credit risky securities. These prices are often used to back out the risk premium from
a credit risk model, so that in the absence of price information this risk premium
is not known. However, the optimal strategies as well as the minimal shortfall
probability and expected shortfall may differ quite a lot depending on the value of
4, as we can see in figure 8.
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We substitute assumption 3.0.1 with the following:

4.1.1 Assumption e The constant i, which determines the default intensity
under the risk-neutral measure, is not unique, but lies somewhere in the in-

terval [pur, pug| with pg, > 1.
e As in our example in section 3.3, we assume that f = f* = 1j1) and h = 1.

The assumption implies that the risk premium for the default intensity is un-
known. Regarding the payout ratio after default, A, we keep the assumption from
the previous section that it has the same distribution (uniform on [0, 1]) under the
historical and under the martingale measure, which implies that the risk premium
for the payout ratio is zero. The results can be generalized to the case where there
is a positive risk premium for the payout ratio which may also be unknown. How-
ever, the assumptions can be justified by the fact that the risk premium for the
default intensity plays a much bigger role in practice than the risk premium for the
payout ratio, as most models used in the industry still use a constant payout ratio.
Therefore, we consider the case of the unknown default risk premium.

Under this assumption, we face again the problem 3.1.1. The optimal hedge can be
written as before by H = ¢G, where ¢ € R (see section 2.2). To find the optimal
function ¢, we introduce a family of probability measures {Q*|P* € P}, where Q*
is defined by

aQ* G
dP*  E*[G]

Because the P* are indexed by p, we also write @* = Q*(u). The problem can now
be interpreted as testing the compound hypothesis {Q*|P* € P} against the simple
alternative P in the SP case and against () in the ES case, where

iQ H

dP  E[H]

Witting [1985] gives a sufficient condition for the optimal function ¢: There exists
a finite measure L on [uz,, g so that

0 = 1 ifdP > [7 dQ*(u) dL9(
0 ifdP < [}7 dQ*(n) dLO(p
or o — 1 ifdQ > [ dQ*(u) dL”5 ()
0 ifdQ < [} dQ*(n) dLP5(n)’
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where E denotes the expectation under the optimal mixture of measures for the SP
or the ES case, respectively. Practically, it is nearly impossible to find the optimal
measure L on the parameter interval [p, py]- Only in the case that the mixture
of measures Q* above is again a member of the family {Q*|P* € P}, as in Fo6llmer
and Leukert [1997], there is some hope of a solution of this problem. Under these
circumstances, we know as in the complete case for C' = 0, that the optimal success
ratio reduces to a success set

AP(f) = {7 > T} U {a®Djie V7 < 1} n{r < T}) (7)
APS (i) = {7 > T}U ({a" e V" <1} n{r < T}) (8)

Although in our setup the family {@Q* : P* € P} is not measure convex, we believe
that it is possible to find a nearly optimal solution by restricting our attention to
success sets of the form above.

Note that inside the success set, the parameter [ is not fixed, as in the complete
case, but may vary in the interval [ur, pg]. Similarly, due to incompleteness of the
market, there is a whole range of possible measures P*, which are associated to the
risk premium p* € [pr, pg]. In contrast to the complete case, we have to determine
A in such a way that under all possible martingale measures, the price of the hedge
is less than or equal to our fixed initial investment V},

sup E*[14G] < Vo
P*

4.1.2 Theorem In the expected shortfall case, the worst case martingale measure

i is given by
fi = arg min(2V, + e 1)1/
uw

In the shortfall probability case, the worst case martingale measure can only be
found numerically.

In both cases, success set, shortfall probability and expected shortfall of the optimal
hedge can be obtained as in the complete case by using the measure associated to

i as the unique martingale measure P*.

Proof. We treat the strategy minimizing the expected shortfall first. Following
Fo6llmer and Leukert [1997], we know that for the worst case martingale measure [
we have

We use this condition together with our results from the complete case to find
possilbe combinations of worst case martingale measures j and associated critical
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constants a”° for a given initial investment V;. These are connected by
1 N .
&ES(ﬂ) — E(QVO + e—AuT)(l—u)/u

(see the proof of theorem 3.3.3). Together with equation (8) it is clear that the
success set AFY depends on the parameter 4. Now, /i has to be determined so
that under all alternative measures fi € [ur,un|, the price of our hedge is less
than the initial investment, E#[1 4zs(;G] < V5. Computing the expectation (same
calculations as in section 3), we find

. 1 _ oz aES ] Y ! -
B[l ges (@G = Sle” a1 8 — e M) < Vo Vi€ [, o]

Substituting the expression for a¥° from above, we see that this condition is equiv-
alent to

2V + e—AﬁT)(l/ﬁ) < (2Vp + e—/\ﬁT)(l//l) Vi
Therefore, we have to minimize the function
(2Vp + e T (/m)

with respect to p, and the solution will give us the worst-case martingale measure
fi.

In the case where the investor wants to minimize the shortfall probability, such
an explicit solution for the worst-case martingale measure is not available. This is
mainly due to the fact that the optimal parameter a2 can not be computed explicitly
as a function of . This problem was already outlined in the proof of theorem
3.3.2, case 3). It is still possible to determine the worst case martingale measure
numerically. As in the expected shortfall case, the optimal success set depends on
the parameter [, while the expectation has to be taken under the measure which
corresponds to ji. Thus,

EM[1 400G = F(fi, ) < Vo Vji € [ur, pa]

We solve this problem by a grid search method: We discretize the interval [pr,, pu]
and on the resulting grid for z, i we find the value of i which fulfills the condition
above. Of course, this method is not very sophisticated, and improvements are
possible. O

Figures 10, 11 and 12 show the worst-case martingale measure, shortfall proba-
bility and expected shortfall for various investments V4 into both hedging strategies.
Here, the interval [uy, uy] was set to [1,3]. We see that the parameter [ is a rising
function of the initial investment Vj. This behaviour of the worst-case martingale
measure can be explained in the following way: Remember that from all possible
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martingale measures, the optimal hedge is most expensive under the worst case
martingale measure. We know from the complete markets case that the optimal
success sets for the expected shortfall case always start at the long end and hedge
against late default times first. The more money is invested into the hedge, the
earlier default times are insured. In the shortfall probability case, the loss from
default which is hedged is biggest at the long end. However, an increase in the risk
premium parameter /i prices default risk as if an earlier default was more probable,
i.e. it shifts more mass of the distribution of the default time 7 to earlier dates
(compare figure 1), and this makes the hedge which covers the earlier dates more
expensive.

The curves showing shortfall probability and expected shortfall of the optimal
hedge have the same form as in the complete case, although the difference in numbers
can be quite significant (as we showed in figure 8).

4.2 Rating Change

Rating changes are a common occurence in credit risk markets and have a strong
impact on the value of securities traded in these markets. In this section we consider
the case where a rating change takes place at a predetermined point in time, t,. For
this purpose, we introduce the

4.2.1 Assumption The intensity A governing the risk of default is known from time
0 up to time ty. At time ty, a rating change occurs, and the new default intensity
is distributed with density g on R*. Contracts on the new default intensity (except
the one under consideration) do not exist, and therefore the market after date tq is

incomplete.

This assumption is analogous to the assumptions in Féllmer and Leukert [1997,1998|,
where they consider a volatility jump of the driving Brownian motion at time .
Our setup differs in two respects from theirs:

1) In Féllmer and Leukert, it turns out only at the maturity 7" of the claim G
whether the hedge was successful or not, whereas in the present paper this
may be known before, namely at the time of default 7.

2) Although the volatility o jumps, they keep the drift « of the stock price
constant. Therefore, the risk premium «/o jumps together with the volatility.
In our setup, the situation is different: The default intensity A jumps, but
the risk premium parameter p stays constant. This seems to be a plausible
assumption for our credit risk setting.
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As before, we focus on a credit default swap, where the random payoff D at the
default time 7 is uniformly distributed on [0, 1]. We consider the shortfall probability
case first, the expected shortfall case can then be treated in an analogous fashion.
Before we present the optimal strategy, we introduce the following

4.2.2 Definition For a given realization )\, of the default intensity A\ and an in-
vestment of Y into the hedging strategy at time t,, we denote by o*2(Y') its minimal

shortfall probability after time ty if default has not happened before time t,.

Because for a given realization of Ay from time ¢y onwards the market is complete,
we can use the methods developed in section 3 to calculate a*?(Y).

4.2.3 Theorem With this definition, the optimal hedging strategy which mini-
mizes the probability of a shortfall for a given initial investment V; at time 0 can

be obtained in two steps:

1) For a given amount Y at ty and using the methods from section 3, compute

the average shortfall probability for times t > t, given by
G (V) 1= / 0™ (Y)g(Ns) dAs

2) In a second step, compute the optimal hedge with initial investment Vi which
minimizes the shortfall probability o, (Y') for the claim Y1{;53 + D1lr<y4y) at

time to.

The total shortfall probability for a given Y is then the (weighted) sum of the
shortfall probabilities from 1) and 2):

a(Y) =a1(Y) + ae(Y) * P[T > to]

The total shortfall probability depends on the intermediate investment Y. The
intermediate investment Y which yields the lowest shortfall probability for a given

initial investment V can be found numerically.

The strategy which minimizes the expected shortfall can be obtained in a similar
way.

Proof Consider a hedge H with initial investment Hy, and F;-measurable value
process H;.
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At time tg, due to the structure of the underlying probability space, the value of
the hedge can be written as

Hiy = sty + Bo(r, D) sy,

where H; is a constant and H, is a function of the time of default, 7, and the mark
space variable D. Given that no default has happened up to time %, it is optimal
to use the value H; to implement a hedging strategy which minimizes the shortfall
probability from time ¢3 onwards. This can be done as in section 3, because the new
value Ay of the default intensity is now known.

In the case that default happens before time %,, the shortfall probability is surely
minimized by implementing a shortfall probability minimizing hedge for the claim

Hyy = Hil{rsgy + (1= A)lircyy

Note that for a given initial investment Hy, the optimal shortfall hedge in this first
segment is fully determined by the payoff H; at time ¢y. Finally, H; has to be chosen
such that the overall shortfall probability is minimized. |

5 Conclusion

We show how the results of Follmer and Leukert [1997,1998] can be applied to
credit risky securities. We show how an investor can save money by using hedging
strategies which minimize the shortfall probability or the expected shortfall instead
of a perfect hedge in complete markets. General theorems for credit risky securities
are derived, and we provide explicit results for the optimal hedges of a defaultable
bond and a credit default swap. The hedges are compared with respect to their
shortfall probability and expected shortfall. We show that in the case of an investor
who wants to minimize the shortfall probability, it is optimal to hedge only losses
below a certain, time dependent boundary, while for the strategy which minimizes
the expected shortfall it is optimal to hedge the whole possible loss, starting at a
certain point in time which is determined by the initial investment into the hedging
strategy.

In an incomplete markets setup, we compute optimal hedges for both objectives
in the cases where the risk premium for default is unknown or a future rating event
will change the default intensity randomly.

References

Artzner P.; Delbaen F.; Eber J.-M.; Heath D. [1998] ”Coherent Measures
of Risk”, Working Paper

29



Albanese, C. [1997] ”Credit Exposure, Diversification Risk and Coherent VaR”,
Working Paper, Department of Mathematics, University of Toronto

Black F.; Scholes M. [1973] " The Pricing of Options and Corporate Liabilities”,
Journal of Political Economy 81, pp. 631-654

Bjork T.; Di Masi G.; Kabanov Y.; Runggaldier W. [1997] ”Towards a
general theory of bond markets”, Finance and Stochastics 1, No. 2 (April 1997),
pp- 141-174

Brémaud P. [1981] ”Point Processes and Queues”, Springer-Verlag

Duffie D.; Lando D. [1998] " Term Structures of Credit Spreads with Incomplete
Accounting Information” Working Paper

Duffie D.; Singleton K. J. [1997] ”"Modelling Term Structures of Defaultable
Bonds”, Working paper, Graduate School of Business, Stanford University

Follmer H.; Leukert P. [1997] ”Quantile Hedging”, Working Paper, Institut fiir
Mathematik, Humboldt-Universitiat zu Berlin

Follmer H.; Leukert P. [1998] ”Efficient Hedging: Cost versus Shortfall Risk”,
Working Paper, Institut fiir Mathematik, Humboldt-Universitét

Follmer H.; Schweizer M. [1990] "Hedging of Contingent Claims under Incom-
plete Information”, Discussion Paper No. B-166, University of Bonn

Follmer H.; Sondermann D. [1986] "Hedging of non-redundant contingent
claims”, Contributions to Mathematical Economics, Elsevier Science Publishers B.V.
(North Holland), pp. 205-223

Gourieroux C., Laurent J.P., Pham H. [1998] ” Mean-Variance Hedging and
Numéraire”, Mathematical Finance

Jarrow R.; Lando D.; Turnbull S. M. [1994] ” A Markov Model for the Term
Structure of Credit Risk Spreads”, Working paper, Johnson Graduate School of
Management, Cornell University

Jarrow R.; Turnbull S. M. [1995] ”Pricing Derivatives on Financial Securities
Subject to Credit Risk”, The Journal of Finance 50, pp. 53-85

Lando D. [1998] ”On Cox Processes and Credit Risky Securities”, Working paper,
Institute of Mathematical Statistics, University of Copenhagen

Last A., C. Brand [1997] “Marked Point Processes on the Real Line”, Springer

Longstaff F. A.; Schwartz E. S. [1994] "‘A simple approach to valuing risky
fixed and floating rate debt”, Working paper, Anderson Graduate School of Man-
agement, University of California, Los Angeles

Lotz C.[1997] ”Locally Minimizing the Credit Risk”, Discussion Paper 281, Fi-

30



nancial Markets Group, London School of Economics

Madan D. B.; Unal H. [1994] ”Pricing the risks of default”, Working paper,
College of Business and Management, University of Maryland

Merton R. C. [1974] "On the pricing of corporate debt: The risk structure of
interest rates”, Journal of Finance 29, pp. 449-470

Schénbucher P. [1996 " The Term Structure of Defaultable Bond Prices” Discus-
sion Paper No B-384, SFB 303, University of Bonn

Schonbucher P. [1997] ”Term Structure Modelling of Defaultable Bonds”, Dis-
cusston Paper No 272, Financial Markets Group, London School of Economics

Schweizer M. [1990] ”Some remarks on hedging under incomplete information”,
Discussion Paper, Universitat Bonn

Schweizer M. [1991] ”Option hedging for semimartingales”, Stochastic Processes
and Their Applications 37, pp. 339-363

Schweizer M. [1993] ” Approximating random variables by stochastic integrals,
and applications in financial mathematics”, Habilitationsschrift, Universitat Gottingen

Shimko D. C.; Tejima N.; van Deventer D. R. [1993] ”"The pricing of risky
debt when interest rates are stochastic”, The Journal of Fized Income Sep. 1993,
pp. 58-65

Zhou C. [1997] ” A Jump-Diffusion Approach to Modeling Credit Risk and Valuing
Defaultable Securities”, Working paper, Federal Reserve Board, Washington

31



Proofs

Proof of theorem 3.1.2 We treat the Quantile case (minimization of shortfall
probability) first. According to the results of Féllmer and Leukert [1997], the opti-
mal success ratio has the form

(pQ = 1AQ(&Q) + ’)/Ql{ P _;Q p) (9)

dpP*

where the set A9 (a) and the two constants ¥ and y¥ are given by

dpP

Qg) — 1

A*(a) = {5, > aG} (10)
a? = inf{a : /1AQ(G)GdP* <V} (11)
va Yoo J Liae@ay G aP”

For a given initial investment Vj, the success set is fully described through the
constants ¢ and v?, which in turn depend on the initial investment into the hedging
strategy, V. Note that through equation 10 the function P*[A%(a)] is decreasing in
a. In return, through equation 11 the optimal parameter a9 is weakly decreasing in
the initial investment V;: Increasing V, means that A%(a) increases weakly, so that
a9 decreases weakly.

In a first step, we determine the values of a® for which the success ratio reduces
to a success set. Thus, we study the condition

[ dP
dP*

=aH]=0

To analyze this condition, we decompose the set into

dP dP*
{dP* —aH}_ {aHdP _1}

= ({aCe VT =11 n{r >THU ({aDp'h*e X" =13 n{r <T})

While the second partition (for 7 < T') has measure zero for any a, the first partition
has positive mass for the parameter
1
Q _ - AMw-1)T
ay = —e

Ko
Consequently, for a® # a?(, the optimal success ratio reduces to the success set
A% (a®). For 49 = a%, randomization occurs on the set {r > T} (and on a subset
of {7 < T}, which has measure zero and is therefore irrelevant).
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As we argued above, ¥ is a decreasing function of V;. Thus, for small values
of Vj, we have a9 > a?(, while for large values of V5, we have a% < a?(. In these
cases, the success set is solely determined through the value of the parameter a9,
the parameter ¥? does not occur. As we can see from the decomposition of the
success set A9,

A° = {aHC;]; < 1}
= ({aCe™ W T < 130 {r > THU ({aDp*h*e X" <1} n{r < T})

for 49 > a%, A9 consists only of a subset of {7 < T'}, while for 4% < a% the success
set also comprises the set {7 > T'}. Of course, in the case C' = 0 the set {r > T} is
always part of the success set, and the following computations simplify accordingly.

The relationship between initial investment V; and the parameter ¥ in the case

a? > af is given by

‘GQ(&Q) = /D]‘{D&Q/Lhe_)‘(”_l)'r<1} dP*
and in the case a® > a% by
VvQQ(CALQ) = /Dl{DaQuhe—A(u—l)r<1} dP* + CP*[T > T]

For a9 = a%, the optimal solution is given by the success ratio ¢9 as defined in
equation 9. Consequently, this parameter value is obtained in a range of initial
investments [V,%, V], which correspond to the interval 49 € [0, 1].

The optimal success ratio in the Expected Shortfall case is

@ES — ]_AES(aES) —+ ’)/].{dd%:dES}

where A%%(a), aPS and vF9 are given by

dP
dP*

&ES = inf{a, : /1AES(aES)HdP* S %}

A™(a) = {5, > a}

ES _ ‘/E) - f ].{AE‘S(&ES)}H dP*
f 1{%:dES}HdP*

The success ratio reduces to a success set under the condition

dP

P[dP*

=a]=0
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so that the critical parameter for the Expected Shortfall case is given by

ais — e/\(u—l)T

Consequently, for a®% # af® the optimal success ratio reduces to the success set
AE5(aF5). For a®% > ak’, the success sets consist only of a subset of {7 < T}, while
for @ < ax the success sets also comprise the set {7 > T'}. The initial investment
for a hedging strategy of the first kind is given by

WES(&ES) = /D].{dE‘Suhe—A(u—l)r<1} dP*
and for the second kind by
VES (aF%) = / D1 455 yhe-rw-vr <1y AP* + CP*[7 > T

For a” = a%’, the critical values V;®5 and V,”° can be found as in the Quantile
case. O

Proof of theorem 3.2.2 Define the set
dP G
Q(p) =
B=() {dP* ” bE*[G]}

According to Follmer and Leukert [1997], the optimal success ratio has the form

’lZ;Q = 1BQ(5Q)+6Q1{ dP __ G }

dP* T jQ EX[G]

where
. dP G
Q=1inflb: P <
b=t {o: 2 | 5 < | < ]
o = 1L=0) — PIBG)
Pli& = bE*[G]]
The rest of the proof is along the same lines as the proof to theorem 3.1.2. O

Proof of theorem 3.2.4 Define the set

BS (b) = {C;]: < b}

According to Follmer and Leukert [1998], the optimal success ratio has the form

"ES ES
¢ = 1BES((}ES) +4 1{%:51?5}
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where

DS — inf{b / (1= 1gnses) )G P < 7}

_ n— f(l — 1BES(I;E‘S))G dP

59 =1

The rest of the proof is along the same lines as the proof to theorem 3.1.2. O

Proof of theorem 3.3.2 We start with the observation that

=Ap-1)7 —(T—7)(p—1)A

1
<l z< —e

Q
apzpe
I

where 0% = exp{\(z — 1)T} from theorem 3.1.2 and the far right side is smaller

than one for 7 < T + )\I(Zg_“l). With this, the double integral reduces to

B T pl 1 (T /1 2
VIQ = / / 21 pertun- -3 dz/\ue”\‘” dr = - / (—e)‘(“l)(TT)> )\,ue”\’” dr
o Jo 2 /o 2

Integration gives the value of VIQ, while we know from theorem 3.1.2 that
V2 =V +CP[r>T] =V +e M
The optimal solution for the three cases in the theorem is obtained as follows:

1) Vo < V;2: Here we have a9 > a2 and therefore

* 1 4 1 )\(,u—l)'r ? —AuT !
Zl{szue—)\(p—l)r<1} dP* = § | @e Aue dr =V,

This equation determines the optimal value a?. The success set is then given
by

{a%zpexp(—A(p — 1)7) < 1}

where 7 must lie between zero and 7', and z between zero and one. The
probability of a shortfall is one minus the probability of the success set under
the measure P. The expected shortfall can be computed as

/Zl{szzuexp(—)\(u—l)T)<21} dP + P[T > T]
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2)

Vo € [V, V2]: The optimal value a? is equal to a%. In this segment, ran-
domization occurs. On the set {r < T}, the success set is given by

{z <exp{-A(p - 1)(T —7)}/n}

For {7 > T}, success is randomized with (V; — V,%)/P*[r > T]. On {r < T},
shortfall probability and expected shortfall have to be determined by inte-
gration as in the first segment. On {r > T}, both are given by P[r >
T) - (Vo — V) P[r > T)/P*[r > T).

Vo > VQQ: Here we have a® < a?( and the credit risky bond is completely
hedged on the set {7 > T'}.

On {7 < T}, the situation is more complicated: We have to determine a%
such that

T 1
/ / Zl{szue—A(u—l)r<1} dz/\,ue”\’” dr = Vb — P*[T > T]
0 0

We solve the inequality in the indicator set for z,

z < ;6)‘(”71)7
au

and this is smaller than one only for

1 4@ -
og(a%m) _. 7

(L =1)A

Hence, for T > T, the integral is equal to

1 [T/ 1 ?
3 / A—e)‘(’kl)T )\/ubef)"” dr
2/, \au

On the other hand, if T < T, we split up the integral into

1 [T/ 2 1 (7
— / — MO e M dr = / e MT dr

These integrals can be computed explicitly, but result in complicated functions
of a9 (note that a4? enters not only inside the integral, but also through the
boundaries of the integral). The optimal value of a? in this situation for given
Vb can only be found numerically.
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Proof of theorem 3.3.3 First observe that
u>1&u—-—1>0

and af® = exp{A(u — 1)T'}, which comes directly from theorem 3.1.2. The success
set is given by

AES = {aBS e =07 <1} {7 < T}

Substituting a£, we see

_1)(T— log 1
Mp=0)T=7) c N =Lr>T 4 28
{ue b=tr> T4 B

Because of log 1/ (¢ — 1)\ > 0, the success set AZ° is empty. Consequently, we have
VES =0 and V.75 = exp{—AuT}.

For an investment of V4 in the interval [0, exp{—uAT'}], the probability of a shortfall
is given by

P{ag®pe ™A > 1} 0 {r < T} + (1 = 7)P[r > T
The set inside the first probability reduces to {r < T’} because

a/gsue—T(/J,—l)A > 1

Sue =TT > q (12)

and this is true for all 7 < T because p > 1. The second term of the sum is equal
to Pl > T|+ VoP[r > T]/P*[t > T] according to theorem 3.1.2, and this gives us
the result in the table. The expected shortfall is given by

T 1
/ / 21 4B o217 >1) dzde  dr + (1 —v)P[r > T
o Jo

Due to the same argument as in (12), the double integral reduces to (1—exp{—AT'})/2,
and together with the second part this is equal to the formula in the table.

If the initial investment V; is greater than V.25, we first have to determine the
optimal success set via its parameter . The success set is given by

APS = {7 > TYUu {aPSpe V" < 13N {r < T})
Therefore, we calculate

log(a™* )

= DA |

T 1
1
/ / 21388 pe—re-1rc1} dzple ™™ dr = §P*[T €
0 0

:Vb _ e—)\uT
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and solve this equation for a?®

1
o gFs = —(2V, — e—u)\T)ﬁ—l
7

Therefore, the probability of a shortfall for this investment is

Pl{a®Spe ™2 > 13 n{r < T}

:(2% _ efAuT)fl/u _ ef)\T

and the expected shortfall is exactly one half that number. O

Proof of theorem 3.3.6 As we saw already in theorem 3.1.2, in the case C = 0
the critical values do not exist and the success sets have the form

A? = {r>T}U ({a®Dpe ™ < 13 n{r <T})
AR5 ={r>T}uU ({&Esue_T(“_l))‘ <1}n{r<T}

Minimizing the shortfall probability, we have to solve

T 1
/ / Zl{szue*A(l‘* DT<1} dZ)‘,ue_)\uT dr = Vo
0 0

for a?. This has to be done numerically, compare the proof for theorem 3.3.2. For
the expected shortfall, we have to solve

Tt 1 log(a®S ) |
1y, —r(u=1 M dr = —P* ——=T|| =W
/0 /0 21588 ye-ru-1r <1y dzpAE dr 5 [T €] PESN ] 0

for a¥:
1
& aPS = = (2Vp + e M)
1

Therefore, the probability of a shortfall for this investment is

Pl{a®Spe =2 > 1} n{r < T}
=1-(2VW + e_)‘”T)l/"

and the expected shortfall is again one half that number. O
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Figure 2: Credit Risky Bond: Success Set
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Figure 3: Credit Risky Bond: Shortfall Probability
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Figure 4: Credit Risky Bond: Expected Shortfall
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Figure 6: Credit Default Swap: Shortfall Probability
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CDS: Minimizing Shortfall Probability. SP for various values of Mu.
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Figure 10: Incomplete Market: Worst Case Martingale Measure
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Figure 11: Incomplete Market, Credit Default Swap: Shortfall Probability
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Figure 13: Incomplete Market, Rating Change: Intermediate Investment
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Figure 14: Incomplete Market, Rating Change: Shortfall Probability



